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The Challenge
● Large multimodal models perform well 

on vision–language tasks but are 
under-evaluated for human-centric 
alignment.

● Visual inputs can amplify pre-existing 
linguistic biases, leading to 
stereotypes, hallucinations, and 
cross-modal misalignment.

● These failures undermine fairness, 
empathy, and reasoning in real-world 
use.

Evaluation Methodology
● First comprehensive benchmark for 

human-centric evaluation of multimodal 
models.

● Evaluates models across seven 
human-centric principles using 32,000 
real-world image–question pairs.

● Grounded in AI governance 
frameworks, translating ethical goals 
into measurable criteria.

● Uses semi-automated annotation with 
domain-expert validation for rigor and 
scalability.

Key Discovery

Seven-Principle Evaluation Architecture

Evaluation Results

Strong language reasoning does 
not guarantee accurate visual 
grounding

Performance degrades unevenly 
across languages, even for 
top-performing models

Complementary Model StrengthsModel reliability drops sharply 
under visual perturbations

Evaluation Metrics

Alignment performance varies widely across 
human-centric principles.

Each principle is assessed using task-specific, 
validated metrics.

Bias differs consistently by 
demographic attribute across 
tasks.


